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1. AR vs. diffusion 5. Shared patterns across models
* AR: sequential next-token decoding * MASK: more late profiles
* DLM: parallel prediction, iterative unmasking * Revealed: more persistent profiles
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How do features evolve during denoising?
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2. Sparse features with DLM-Scope
* Frozen Top-K SAEs (i) Training SAESs for Diffusion Language Model
| SAE |MASK| good [MASK| DLM | Sparse Autoencoder
* 6 layers x 2 dictionaries T Salnetntet ~
[ | Tensomersioss ||| |o
* 196,608 features/model | specific Laver | A z
ip-gy-|:| : E 8 13/16 14/16
" MASK + revealed positions ey & e S temon [0
' | L T
| ersomeni 1]} S o
\ ransiormer blocC / 2
Se -l‘ _______ / V4 '
[SAE| is |[good] for |[DLM] I—“ZF”Z-f”%””h@”l“ Peak window (input steps) Early (0-15) M Middle (16-47) WM Late (48-64) o Fixed feature marker
One Step of Denoising SAE Training Objectives 1/16-16/16 for each model | Fixed UMAP | Relative mean activation
DLM-Scope: Wang et al. (2026), Fig. 2 (left).
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Persistent conditional responses | Falling aggregate activity

4. Tracking features through time
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DLM-Scope: Wang et al. (2026) | LLaDA: Nie et al. (2025) | Dream: Ye et al. (2025) | UMAP: Mclnnes et al. (2018)
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